Uncovering the cascade of computations involved in ambiguity resolution:
Decoding from MEG and deep neural network activity
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- The brain solves ambiguity with a
cascade architecture

ResNet-50

generic image labelling
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* Information is transformed from
a linear (objective) to categorical
(subjective) representation
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« Similar computations and
representations found in the
generic but not task-specific
DNNs

Ambiguity is resolved with a
hierarchical sequence of
feedforward computations
which is emulated in some
artificial systems
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